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There are many data science books out there today but I find Jake VanderPlas’s book to be
exceptional. He takes a subject that is very broad and complex and breaks it down

in a way that makes it easy to understand with great writing and exercises

that get you using the concepts quickly.

—Celeste Stinger, Site Reliability Engineer

Jake VanderPlas’s expertise and passion for sharing knowledge are undeniable.

This freshly updated edition offers clear, easy-to-follow examples that will help you
successfully set up and use essential data science and machine learning tools. If youre
ready to dive into core techniques for using Python-based tools to gain real insights
from your data, this is the book for you!

—Anne Bonner, Founder and CEO, Content Simplicity

Python Data Science Handbook has been a favorite of mine for years for reccommending to
data science students. The second edition improves on an already amazing book
complete with compelling Jupyter notebooks that allow you to execute

your favorite data science recipe while you read along.

—Noah Gift, Duke Executive in Residence
and Founder of Pragmatic AI Labs

This updated edition is a great introduction to the libraries that make Python a top
language for data science and scientific computing, presented in an accessible
style with great examples throughout.

—Allen Downey, author of Think Python and Think Bayes



Python Data Science Handbook is an excellent guide for readers learning the Python
data science stack. With complete practical examples written in an approachable
manner, the reader will undoubtedly learn how to effectively store, manipulate,

and gain insight from a dataset.

—William Jamir Silva, Senior Software Engineet, Adjust GmbH

Jake VanderPlas has a history of breaking down core Python concepts and tooling for
those learning data science, and in the second edition of Python Data Science Handbook
he has done it once again. In this book, he provides an overview of all the tools one would
need to get started as well as the background on why certain things are the way they are,
and he does so in an accessible way.

—Jackie Kazil, Creator of the Mesa Library
and Data Science Leader
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